
CATEGORISATION

OF

LEARNING

① Based on olp type - regression vis classified
"

② learning strategy - supervised , unsupervised ,

semi - supervised ;

③ Lazy us eager

reinforcement learning

① Parametric vis non - parametric

⑤ Discriminative its generative



* BASED ON OUTPUT TAPE

REGRESSION CLASSIFICATION

PREDICTED VARIABLE PREDICTED VARIABLE

IS CONTINUOUS IS DISCRETE

( l of k classes)
eg .

Predict eg . predict
house price whether cat or

dog



LAZY EAGER

EXAMPLE KNN DT
,
LINEAR

REGRESSION

TRAIN O I 0
TIME

TEST USUALLY USUALLY

TIME LONGER QUICKER

eg.fm Linear

Regression

y=x8
MEMORY STORE / MEMORISE PARAMETERS ONLY

ALL DATA

UTILITY USEFUL FOR ONLINE SETTING



PARAMETRIC VIS NON - PARAMETRIC

PARAMETRIC Now - PARAMETRIC

EXAMPLES LINEAR
REGRESSION KNN

,
DT

PARAMETERS # Parameters I parameters
is fined grows

wont .

w.int . dataset dataset size
size .

SPEED USUALLY quicker USUALLY

GOWER

ASSUMPTIONS STRONG No NOR FEW

Assumptions ASSUMPTIONS

C Hike linearity in
↳ NEAR REGRESSION )



Question :

Kron is non - parametric and linear model parametric
?

Consider data like :
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I

SUPERVISED UNSUPERVISED SEMI - REINFORCE

SUPERVISED
MENT
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eg .
linear Regression , eg .

kmeans

clustering , eg .

SVM
,

. . - e

Autoencodlrs . . - O -

learning .



DISCRIMINATIVE VIS GENERATIVE

DISCRIMINATIVE GENERATIVE

Enompk Logistic Regression ,
sum Noone Bayes

net generate
new data can generate new data

::i÷::÷÷::i÷÷÷÷÷m .

models decision boundary models distribution

of classes

lgoal Estimate PC Class ) Ilp Features estimate Php Features

I Cades) S Plldass)
to get Pclkass HH

Features )



ASSUME IIP FEATURES
'
n '

, Otp = Elephant ly = 1)

and dog ly -
- o)

DISCRIMINATIVE GENERATIVE

① learn a decision ① look at elephants &

boundary btw doges
build a model of

elephants
elephants ① Do some with dogs

① for new instance the
③ for men instance ,

which side of derision
match against both

function the instance

dogs elephant model

belongs to
↳ see which one is closer



Discriminative Generating .ms
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