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- Assume P(AID) has been obtained.

- p(y*(x*,b)
=?

[Marginalisat]
=(ply*,0(x*,D)dO

=(p(y*10,x*,D).p(t(n*,)
do [Bayes Rule]

[Indepencies]
= (p(y*10,x*).p(8(b)

do

[monte

=Os,nt) where Os-Pl8D car 10]
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